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Abstract

We use stock returns to grade presidential economic performance. In efficient markets,
asset prices are unique in that they impound the long term effects of changes in the
environment, including government policy. To purge national returns of state-of-the-world
conditions that do not result from local events, we introduce a global twin portfolio and a
regional return. The twin portfolio for a country reports the return of a combination of
world stocks that each month has the same industrial composition as that one country’s
stock index. These benchmark external conditions are most volatile: they vary between a
295% appreciation (or tailwind under some interpretations) and a 30% reduction (or
headwind) in asset prices over extreme four-year presidencies in our sample. We interpret
the gap of national performance over these counterfactual returns as a proxy for the quality
of domestic policies during a given presidency, as seen from the standpoint of equity
investors. We apply this approach to seven Latin American countries from 1980 until
2011. From this perspective, Colombia, Peru and Chile stand out as the countries that have
implemented the best long run policies over the sample. In addition, we provide a grading
of relative presidential performance.

JEL Codes: G15, G14, H11, E44
Keywords: Benchmarking presidential performance, Measuring global tailwind, Latin
America.
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“I hold it to be true that Fortune is the arbiter of one-half of our actions,
but that she still leaves us to direct the other half, or perhaps « little less.”
Niccolé Machiavelli, The Prince (1515)

1. Introduction

The last decade has been particularly prosperous throughout Latin America, especially
when compared to the previous 20 years. The average annual real GDP growth and the
average annual real stock price increase for the seven largest countries were much larger
from 2001 until 2010 than from 1981 until 2000.! It is noteworthy that this remarkable
improvement has been accompanied by starkly contrasting economic policy approaches in
the cross section: some countries have sought trade openness while others have curtailed
both imports and exports; some countries have had inflation below 5% and others above
20%; some countries have courted foreign investors while others have shunned them
away’; some have built-up assets (oil and gas reserves, heads of livestock, social security
and sovereign wealth funds, etc.) while others have depleted them. While each government
claims that the contemporaneous success speaks to the suitability of their own policies, it
cannot be the case that all of them are right unless country conditions are so specific that
they require policies that are almost opposite to one another. An alternative hypothesis is
that the recent wellbeing may result from a favorable aggregate shock that affects the
region as a whole, making the effects of local policies of second order importance.

The purpose of this paper is to present a methodology to establish a fair benchmark against
which economic outcomes during a given presidential term can be compared. This requires
overcoming two hurdles: choosing a measure of performance and building a counterfactual.

Our methodology is based on publicly listed stock prices. Presidents in office often blame
their predecessors for current misfortunes and claim to be making the right decisions for the
long run. In efficient markets, both of these circumstances would be reflected in asset
prices, giving current presidents an amount of credit for their actions that is not
systematically biased and that takes into account the perceived long-run effects of their
policies. Other variables that are relatively more backward looking (notably GDP) may
underestimate the intertemporal effects often inherent in economic policy. In other words,
our approach will be gauging the quality of policy by the perceived value generated to
equity owners at the time that the market learns of them.

The methodology consists of decomposing the monthly return of the national stock market
index in a global, a regional, and a national differential component. The counterfactual
return is the sum of the global plus the regional component.

! The average annual figures were, respectively, 3.7% and 16.9% during 2001-2010 compared to 2.5% and
8.7% during 1981-2000. The sample includes Argentina, Brazil, Colombia, Chile, Mexico, Peru and
Venezuela. Stock figures are from the S&P/IFC national indices and GDP figures are from the World Bank
and expressed in PPP dollars.

2 “Mr. President: You have insulted us all,” said the president of the Spanish Confederation of Employers'
Organizations, the major representative institution of the Spanish business community to Argentina’s Néstor
Kirchner in 2003, (http://www.elmundo.es/elmundo/2003/07/17/espana/1058450089.html). Spain was the
major source of foreign direct investment in Argentina during the 1990s.
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Correctly identifying a global benchmark return is most important. For example, during
2011, the S&P500 stock market index fell 3%, while the S&P/IFC Mexican index fell 9%
and the Peruvian index fell 30%, all in local inflation-adjusted units. A naive interpretation
of these figures would indicate substantial underperformance of the two latter countries.
However, the industrial structures of the three indices are very different because the latter
countries have much less diversified economies. Our key methodological innovation is to
construct a global twin index for each country which uses industry portfolio returns from
the whole world but that, each month, has the same industrial composition as the country in
question. The global twin index for Mexico fell 13% during 2011 while that for Peru fell
38%. So holding industrial composition constant, the two countries actually did much
better than their world counterparts, contrary to what seems at first.

Furthermore, it is possible that Latin America performed better on average than the twin
indices due to a regional shock (such as a change in investor risk appetite, capital flow
swings, climate shocks like the El Nifio, or shocks to regional terms of trade) and a fair
benchmarking of presidential performance over time should also account for this factor. In
fact, our results indicate that high returns and low volatility of this factor are the hallmarks
that distinguish the last decade from the previous 20 years.

The data show that it is critical to account for the worldwide bonanza of different time
periods. The summary external conditions reflected in the counterfactual returns varied
between a 295% appreciation and a 30% reduction in asset prices over extreme four-year
presidencies in our sample. So some presidents faced a period of significant global windfall
while others were met by dire straits.

We interpret the national differential return over this benchmark during a large sample as
reflecting a host of country-specific conditions that include the quality of economic policy
announced during this time from the viewpoint of equity investors. We use the mean
national differential return during its tenure in office as the grade that each president
obtains on our scale. We apply our approach to Argentina, Brazil, Chile, Colombia,
Mexico, Peru, and Venezuela from 1980 until 2011.

We document three key empirical findings. First, the regional factor which contributed an
average annual return of 1.9% during 1980-2001 contributed an annual return of 8.8%
during 2002-2011. Moreover, this component has been remarkably stable over the recent
period compared to the earlier one: it explained about one-third of the total volatility of
returns during 1980-2001 while it only explained about one-twentieth of that volatility
during 2002-2011.% There is no doubt that the region experienced an unusually long period
of stable bonanza during the last decade.

Second, Colombia, Peru and Chile have been the countries in the sample with the largest
gains relative to the benchmark. The gaps in differential performance are very significant:
the control portfolio for Colombia during its 27 years in the sample rose from 1 to 41

® The standard deviation of annual returns also fell over time: it was 49% in the early period while it was 33%
in the more recent one.



consumption units, while the Colombian stock index rose from 1 to 120 consumption units,
almost tripling the benchmark returns. Peru’s control portfolio rose from 1 to 8.5
consumption units but the Peruvian index rose from 1 to 18.5 during its 19 years in the
sample. Chile was in the sample during 32 years, which included the early 1980s debt
crisis, so it had lower own and benchmark performance. Overall, its benchmark world
portfolio appreciated from 1 to 24 consumption units, while Chile rose from 1 to 38. At the
other end, during its 19 years in the sample, the control portfolio for Venezuela rose from 1
to 4.2 consumption units, but the Venezuelan index rose from 1 to 1.3 consumption units.

Last, the best performing presidents in the sample were Franco and Figueiredo (Brazil),
Barco, Gaviria and Uribe’s first term (Colombia) whose national differential returns
exceeded 15% per year. The worst performers were Lopez Portillo (Mexico), Bentacur and
Samper (Colombia), Sarney (Brazil), De la Rua, Alfonsin and Cristina Fernandez de
Kirchner (Argentina) during whose tenure the national differential contributions were
below -14% per year.

1.1. Related Literature

Our work is related to two different strands of the literature. On the one hand, a number of
papers analyze the impact of particular policy announcements on the stock market. For
instance, Henry (2000) looks at the impact of stock market liberalization policies,
Andritzky et al. (2007) study the impact of macroeconomic news on bond prices in
emerging countries, while Arslanalp and Henry (2005) analyze the stock market impact of
debt relief agreements under the Brady plan. More recently, Raddatz (2011) studies the
impact of multilateral debt relief announcements on the stock prices of South African
companies with subsidiaries in countries benefited by these initiatives, while Moser and
Rose (2011) analyze the impact of regional-trade-agreements announcements on stock
market indices. All of these studies share a methodological approach, namely the estimation
of abnormal returns associated with specific policy measures. By contrast, we characterize
not the effect of a narrowly defined policy announcement but the overall effect of policies
and economic management during a given presidential period. We do this by comparing the
performance of the national index during such a period to that of a counterfactual portfolio.
The counterfactual attempts to capture the return of a portfolio of stocks that satisfy two
conditions: a) they represent the same industries as those listed in the country’s market but
they are immune from local policies, and b) they are similarly exposed to the average Latin
American regional shocks.

On the other hand, this paper is also related to the literature assessing the relative role of
local policies and external shocks in determining the economic performance. One of the
seminal papers in this literature is the work by Easterly et al. (1993) which documents that
fluctuations in terms of trade are more important in explaining the variance of GDP growth
than changes in institutions. According to the authors’ interpretation, good policy (i.e.
institutional change) cannot be the main source of long-run growth, while good luck
appears as a better explanation. Many studies have followed this work, trying to disentangle
the relative role of good luck in explaining GDP fluctuations. Some examples are Easterly
et al. (1997), della Paolera et al. (2003), and Cecchetti et al. (2011). Another prolific



literature analyzes the role of external factors in explaining macroeconomic fluctuations in
emerging countries. Some of these papers use vector auto-regression models, like
Hoffmaister and Roldos (1997), Izquierdo et al. (2008), Osterholm and Zettelmeyer (2008),
Boschi and Girardi (2011) and Aiolfi et al. (2011). Another group of papers uses dynamic
stochastic general equilibrium (DSGE) models. For instance, Neumeyer and Perri (2005)
and Uribe and Yue (2006) analyze the importance of world interest rate shocks and country
premium for emerging countries; while Mendoza (1995) focuses on the importance of
terms of trade shocks. A somewhat different but related paper is Levy-Yeyati and Cohan
(2011) which reports a global wind index that synthesizes the role of external factors in
explaining GDP growth in the seven largest Latin American countries. Our global plus
regional contribution can also be interpreted (with some caveats discussed below) as a
global wind index and we compare the results of both approaches below.

Although there are many methodological differences among these studies, and between
them and our paper, the main conceptual difference is our focus on asset prices instead of
macroeconomic aggregates which, as we argue, allow to better capture the intertemporal
effects of domestic policies. Nonetheless, it is worth emphasizing that although our paper
has some links to these previous studies, to the best of our knowledge we are the first to
propose a methodology to grade the economic performance during different presidential
periods using information from the stock market.

The rest of the paper is organized as follows. Section 2 discusses the benefits and
limitations of relying on stock market prices to assess the quality of policies and lays down
a simple conceptual framework to understand how different factors may affect the national
stock index. Section 3 describes the data and defines the variables of interest. Section 4
presents the econometric methodology and discusses the results, including several
robustness exercises. Section 5 concludes.

2. Conceptual framework

In this section we first discuss the benefits and drawbacks of using stock prices to assess
the quality of economic policy. We then present a simple conceptual framework to
understand how stock prices are affected by national, regional and global conditions.

2.1. The pros and cons of stock prices to assess the quality of policy

In assessing the impact of government policies, the ideal object of study would be the
contribution of each administration to the present value of the stream of income to the
owners of human and physical capital. The general choice in the literature is some
macroeconomic aggregate, generally the growth rate of real GDP, which is the current
value of income. If there were no business cycles and if the short run effects of policies
were equal to their long run effects, this would be just fine as the present value is a simple
monotonic function of this rate. But unfortunately this is not the case. Given that the
present value of future labor income is not priced in a market, we focus on the price of the
future value of corporate profits for which there is a market. We analyze the broadest
observable measure which is the value of a diversified (capitalization-weighted) basket of
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publicly listed local equities, acknowledging upfront that not all equity claims in an
economy trade in publicly listed markets. Specifically, we assess the change in the value of
this basket, measured in local units of consumption, over the whole sample or over the term
of a given presidency. Thus, we will be grading presidential administrations from the
standpoint of a local buy-and-hold investor. We next analyze the advantages and
disadvantages of our metric relative to the common practice in related literatures.

Using GDP growth to assess the impact of economic policy has several drawbacks. First,
economic policy typically involves important intertemporal effects as policies that are
implemented by one president may have their full effects during the tenure of her
successors. For instance, one administration may implement policies that spur growth
immediately, but which are detrimental to long term growth (e.g. by depleting the stock of a
non-renewable resource, like minerals, or a renewable one, like international reputation).
The reverse often takes place as well, as the discovery or entering into operation of new
capital stock may raise GDP today although it is the result of long-held policies of
predecessors (e.g. the natural gas pipeline from Camisea to Lima in Peru, or the discovery
of new oil fields in Brazil’s Atlantic shore).

Another example is countercyclical policy; for instance, fiscal rules to save the proceedings
from temporary increases in commodity exports. While such policies are generally
considered desirable from a long run perspective, a country that runs a countercyclical
policy in a booming period will likely experience, ceteris paribus, a smaller increase in
GDP than another one that does not.*

These examples highlight the fact that GDP is to a large extent a backward-looking
variable, and therefore can give a wrong measure of the quality of policy during a given
presidency. By contrast, in efficient markets, the price of assets will rapidly reflect the
perceived short- and the long-term effects of policy at the time that the market learns of it.
Moreover, using stock prices simplifies controlling for changes in external conditions and
for business cycle effects in order to identify idiosyncratic shocks.

However, the proposed measure has some drawbacks as well. First, to the extent that there
may be distributional effects between providers of labor and owners of capital within a
country, it should be emphasized that when we refer to the effects of policy, we mean from
the point of view of equity investors. Moreover, there could be distributional effects
between equity- and debt-holders. For example, when Argentina amended the law to avoid
generalized bankruptcies in the 2002 crisis, it transferred wealth from debt holders to equity
holders and this will increase the grade of the president in office on our metric. Last, there
could be distributional effects within the corporate sector, either in favor or against the
listed corporations. For example, a government that has a pro-small business approach will

* Using GDP growth has other problems that can be partly overcome using econometric techniques (this is the
case, for instance, in most of the VAR based literature): a) business cycles fluctuations: governments taking
office at the trough of the cycle are likely to witness a GDP increase regardless of the policy that they
implement, b) interdependence: sorting out a country’s idiosyncratic growth from that induced by world or
regional growth, c) terms of trade effects: positive shocks to terms of trade can induce several effects in real
growth through different channels (e.g. import of production factors) unrelated to government policy.
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be creating more shareholder value than our measure might acknowledge, given that it is
large firms that are publicly listed.

Second, financial markets are not as deep in Latin America as in developed economies, a
fact that has two consequences. First, publicly-listed firms generally represent a small
percentage of the total value of the capital stock in the economy. However, it is noteworthy
that private equity transactions often take valuation multiples from publicly listed equities
in the local market. Hence, while this is a limitation, it is not obvious that it should bias the
results. Second, with the possible exception of Brazil and Mexico, these markets are often
illiquid by international standards, which could cause informationally inefficient pricing.
This would be problematic if we were doing intraday analysis, but seems less important for
an exercise like ours that is based on month-end prices over 32 years.”

Third, Latin American governments have many times imposed restrictions on international
capital movements. On the one hand, such restrictions will decrease the value of stocks
because the foreign demand for domestic stocks is restricted. But on the other hand, during
some episodes of severe capital controls, the stock market has served as a device to take
money out of the country (see, e.g. Auguste et al., 2006, among others), actually rising
stock prices. Therefore, it is not obvious how this would affect the proposed measure.

Finally, there could be important unanticipated shocks unrelated to policy whose effects
persist for a number of years (e.g. droughts, earthquakes, etc.). Another variant of this
problem is the case of a corporation that outperforms the market for a number of
consecutive years. Due to the overall small size of some of these markets, this will often
imply that such corporation ends up representing a large share of the local market and its
performance thereafter being largely confused with that of the government. While the same
possibility is present in the twin portfolio, the latter is composed of a much larger number
of companies and it is much more unlikely to end up dominated by one company.®

One last caveat is in order if one is to interpret our grading as a measure of the welfare
created by presidential administrations. If households are liquidity-constrained, as is often
the case for low and middle income families, a high GDP growth may give families the
resources to carry out positive net present value investments in human capital which would
otherwise not be undertaken. In this case, a GDP-based measure would better capture long
term wellbeing induced by policy than a measure based on stock prices.

In summary, to the extent that publicly listed stock markets are informationally efficient at
monthly frequencies, our grading measures the amount of publicly-listed equity market
value created during a given presidency internalizing the long run effects of policy and
controlling for exogenous shocks.

> Another problem that may arise from the illiquidity in some Latin American markets is the potential
existence of a liquidity premium. Such a premium may hamper our measure if it changes over time (in which
case it may affect the presidents’ comparison) or if it changes across countries (which could bias the country
comparison). If the liquidity premia are either small or the same over time and across countries, they would
not bias either measure.

® The same possibility could arise in the other countries in the sample, so it is not obvious that this will bias
the proposed measure.



2.2. The determinants of corporate value

It is instructive to lay down a simple conceptual framework to highlight the determinants of
the proposed measure and how government policy can affect it. Our object of interest is the
value of the stock market index in a given country, i. Given the open economy nature of
these economies, it is convenient to first break down the real value of the domestic index in

a generic initial period 0 (P, ) into the value of firms in the tradable sector (P, ) and in the
non-tradable sector (P,"N"). The domestic index will be a weighted average of these two
components, i.e.

I:)oi =Q, I:)oi’T +(1—0(0 )Poi'NT : (1)

Consider a representative firm in sector j (j=T, NT). The value of that firm expressed in US
dollars will be given by the discounted sum of expected future profits conditional on the
information available at time 0, this is

pii = 3 Eolpial—Cl{ al, ol ") @7
T ST L A AT A ) 0

where Cj(.) is the cost function in sector j and the numerators are the expected after-tax

profits per period conditional on time 0 information. In this expression, p; and p,'" denote

the prices of traded and non-traded goods respectively, both expressed in dollars. The price
of traded goods clearly has a positive impact on the income side of firm profits in the
tradable sector, and can potentially increase costs in either sector if firms use some traded
goods as intermediate inputs. In a similar way, an increase in the price of non-tradables will
raise profits in the non-tradable sector and can potentially increase costs if these goods are

used as inputs. The cost function is also increasing in the quantity produced (g, ), while the
variable ¢’ denotes productivity in sector j, which tends to reduce costs. We think of it
having both a global and a domestic component, &' = 4"°"* + Ag"J . Finally, 7, denotes

the tax rate on corporate profits, so that (1—rt) is the fraction of corporate profits that the
owner gets to keep.

The denominator in (2) represents the rate at which future profits are discounted.” In
particular, the relevant discount rate for domestic cash flows to equity has several

’ To ease the notation, equation (2) assumes the rates in the denominator are long term rates, though a more
detailed notation should allow for them to vary over the forecasting horizon. Our goal here is to lay down a
simple conceptual framework.



components: a) the risk free rate (r,); b) the world market risk premium (Ar,*°")

representing the compensation required by investors for perceived global risk; c) the Latin

American risk premium differential (Ar;*°"); and d) the local risk premium differential (

Ary) for country i.

We can use this basic framework to understand the different ways in which foreign shocks
and government policy affect the value of firms.

We start with the international setting. First, factors that tend to lower r,', Ar,**™ and

Ar7*9°\will tend to spur the domestic stock market. The first two can be generated, for

instance, by an expansionary monetary stance in developed countries, while an example of
the latter can be a wave of capital inflows to emerging countries and/or an increase in
investor risk appetite for these markets.

Second, the global and regional real GDP growth will be an important determinant of g,

(and indirectly of g'") and so affect the value of local corporations. Another channel is

through the price of tradables, or terms of trade in general as in their generalized rise during
the 2000s. Clearly, an increase in these world prices will likely increase the value of firms
that produce tradable goods. Moreover, if this change is perceived as persistent, the
increase in tradable prices might generate a real appreciation through its wealth effect; in
which case firms in the non-traded sector should benefit as well.®

Third, a key determinant of stock prices is the improvement in global total factor

productivity (4"°") as technological improvements in the rest of the world that can be

reproduced domestically will also affect the domestic index.

In terms of domestic policy, some measures affect the value of firms directly, and others
indirectly through general equilibrium channels. On direct measures, a first possibility is for
the government to favor productivity increases which reduce costs. This can be done in
various ways as e.g. when the government subsidizes research and development activities
in the private sector or through government agencies dedicated to this end. Another, albeit
less direct, possibility to increase productivity is for the government to invest in
infrastructure as e.g. more and better roads will likely increase the productivity of
transportation companies, etc. Needless to say, the government can also limit international
trade in capital goods or intermediate inputs, which are ways of reducing efficiency, so in

8 Notice that it might be the case that an increase in the price of some tradables and not in others may generate
a detrimental effect on some tradable goods firms. Consider the case in which the economy has two types of
tradable sectors: commodity exporters and manufacturing. An increase in the price of a commodity relative to
that of manufactures (i.e. a rise in terms of trade) will benefit firms in this sector. But the general equilibrium
effect (the real appreciation) can generate Dutch disease-style effects that can be detrimental to the other
exportable sector (e.g. manufacturing). Therefore the final change in the national index will depend on the
weight of each type of firm in the aggregate index.



this case a Ag"! <0 offsets a 4"“°™! >0.° Of course, productivity can also be interpreted

more broadly as the set of norms that regulate trade of goods and services in the different
markets.

Another obvious possibility is to change profit taxes (1—rt), or more broadly the

enforcement of private property rights in an economy. This will include the quality of the
corporate governance environment which affects how minority investors (who are the ones
pricing equity in the public market) are treated by controlling shareholders.

Some policies may have a direct impact on one sector j but not on the other. For instance,
international trade protection will likely increase the domestic value of industrial firms in
the tradable sector. Alternatively, a plan to renew the infrastructure (e.g. build new roads)
using private firms as contractors may increase the value of firms in the non-traded sector.

Government policies may also affect the value of domestic firms through less direct
channels. For instance, reducing fiscal deficits and government debt may have a positive

impact on the stock market if they are able to reduce Ar; . In addition, some policy actions

can have general equilibrium effects on the exchange rate, favoring one sector over the
other, in which case the final effect on the aggregate stock market index will depend on the

sectorial composition of the index (ao). For instance, it is likely that an increase in

government expenditure will lead to a real exchange rate appreciation (especially if the
change is perceived as persistent). Such an appreciation will be a reflection of the increase

in the relative price of non-tradables in terms of tradables (p," / p; ), which will raise the
value of firms in the former sector and reduce it in the latter.

It follows naturally from taking first differences of equation (2) that the observed return in
each month t in country i can be decomposed in a portion related to world factors, a portion
related to regional factors, and a national differential component,

RTotaI,i (t) — RGIobaIi(t) + RRegional(t) + RNationaIDifferentiaI,i (t) . (3)

2.3.  Are we measuring tailwind or benchmark returns?

As noted before, R®**®(t) in (3) could reflect tailwind that immediately spills over to each

country in Latin America but it could also reflect the policies of other countries whose
beneficial effects are limited to their home markets. For example, a rise in world stock
prices could result from an exogenous shock such as a fall in global real interest rates, the
entry of China in the world economy or an improvement in the weather that makes the
whole planet more fertile. We would expect all of these factors to permeate to small open

® Some polices can also have general equilibrium effects: for instance, a policy that raises aggregate
productivity might generate a real appreciation, due to the income effect that such a technological
improvement will generate.



economies in Latin America just like other countries in the world. In this case, the return of
the twin index would be a measure of the luck or tailwind that the country had during a
given presidency. However, a rise in world stock prices could also result from policies
implemented in other countries that do not automatically transmit pari passu to the small
countries in the sample. For example an increase in protectionism in the largest countries
could raise stock market prices in those countries at the expense of overseas suppliers such
as those located in Latin America. In this case a rise in the twin portfolio would imply a
reduction in the value of the local portfolio.™® So rather than tailwind, this extra return could
mean higher competition from other countries to attract investment capital. A similar
reasoning can be applied to the regional return.

Unfortunately, our methodology is unable to sort out among these two alternative causes
behind a rise in R (t) + RF¥°"(t). Whichever the cause might be, the global and

regional factors provide a measure of the amount of equity market value created in the rest
of the world during the span of a given presidency, so we take it as the benchmark return
against which the performance of a given presidential administration will be measured. We
interpret the national differential return over this benchmark during a large sample as
reflecting a host of country-specific conditions that include the quality of economic policy
announced during this time.

3. Data Description and Definitions

The national indices of each country are the Standard and Poor’s/IFC Global and Investable
indices, which are market capitalization-weighted. We use the Global indices until they
became discontinued in October 2008 and the Investable indices from then until December
2011. The Global indices are available since 1975 while the Investable indices start in
1993. The investable indices include fewer stocks than the Global indices, since they
exclude from the latter those shares that can’t be purchased by foreigners due to constraints
on foreign investment. Hence, the Global indices seem the appropriate object of interest
since we are measuring value creation in terms of local consumption goods, which is
tantamount to assuming that the marginal investor is a local one. Moreover, they provide a
much longer time series.* We use real log returns from the end of month t-1 until the end

of month t, Ri(t),12 expressed in consumption units of each country.’* Appendix Figures

10 Of course, there is an indirect channel whereby more growth in other countries feeds to the local economy
via more exports to those economies.

“n September 2009 Argentina’s index was reclassified from Emerging to Frontier market, and its Investable
index discontinued so we used the S&P Frontier BMI (formerly called S&P IFC Frontier) index since then.
The same happens for Colombia from November 2008 until September 2011 when it became Emerging again
—and we go back to its Investable index at that point.

12 In the OLS estimation of equation (6) below, the coefficients on dummy variables will be the arithmetic
averages of the residual during a specific part of the sample. The residual in turn, will be measured in the
same units as the dependent variable. Arithmetic averages of returns are well known to overestimate the
actual cumulative returns obtained by stock holders in the past. By contrast, if the return series is expressed in
logarithmic units, its arithmetic average turns out to be the geometric average of the original returns series. So
in our case, the OLS coefficient of a dummy variable will correctly report the average cumulative return
obtained by equity holders during a given part of the sample and controlling for other determinants of returns.
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Al.a-Al.g show the cumulative real returns of each country index starting from a value of
1 unit of domestic currency when the country enters the sample.

S&P/IFC also provides the names of the stocks and the fraction of each national index
capitalization at the end of each month that each one represents together with its industrial
code at eight digits from the Global Industry Classification Standard (GICS). In some cases
in the early years, only a handful of stocks made up the national index. To seek a minimum
level of diversification, we incorporate each country in the sample in the month after 1979
in which it first appears with more than 10 stocks in the Global index. This starting date is a
compromise between maximizing comparability of the results across countries and
including a key regional event such as the start of the debt crisis in 1981. The first month in
the sample is January 1980 for Chile and Mexico, November 1981 for Brazil, January 1985
for Argentina, Colombia and Venezuela, and January 1993 for Peru. The last observation
for alll4c0untries is December 2011, with the exception of Venezuela which ends in March
2003.

[Figure 1 about here]

As it is standard in finance, we need to control for global conditions as reflected in the
global market portfolio. In performing such a comparison, it is important to bear in mind
that the industrial structure represented in emerging stock markets is much less diversified
than that of the world index and it is substantially volatile both across countries and within
countries over time. This is vividly shown by Figure 1 which reports the fraction of each
index’s capitalization that is accounted for by stocks from each of the 10 industry groups
that make up the first level of the Global Industrial Classification Standard. The graphs
shows these data for the countries in the sample and for the whole world as measured by
the S&P Global Broad Market Index (BMI) in 1990, 2000, and 2010. The numbers at the
top of each bar report the weighted average sector participation (or Herfindahl index) for
that country-year. The average Herfindahl index is 26% in Latin America while it is 13%
in the world, so the Latin indices are on average about twice as industrially concentrated as
the world index. The composition of the Latin indices is also more volatile. For example,
the telecommunications sector went from being 2% of the Brazilian market in 1990, to 23%
in 2000, and back to 3% in 2010, while in Mexico this sector went from 15, to 27 and to
34% over the same time period. By contrast, in the S&P Global BMI the weight of this
industry group has oscillated between 2 and 5% over the same years. Moreover, sectors that
are important in the world are underrepresented —or simply missing— in the Latin indices.
For example the health care sector, which in the world represents between 8 and 12% of the
market portfolio almost never appears among the Latin indices, while something similar
happens with information technology.

13 Because the price indices often take some time to reflect underlying inflation we used the average CPI
inflation of months t, t+1 and t+2 in order to convert nominal returns of month t to real returns. For robustness
we also ran the estimation using only the inflation of month t to deflate the month-t returns, but results are not
significantly altered.

1 For Venezuela the available data actually go up to March 2007, but the prices after March 2003 seem
unreliable so we dropped those observations.
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It is obvious from this discussion that the world index is not an appropriate comparison
benchmark for the countries in the sample. We therefore build a twin index for each
country, which is an index of global securities that match the industrial composition of each

country in each month. More specifically, if >_<i(t —1) is the vector of industry capitalization

weights in the national index of country i at the end of month t-1, and R"(t) is the vector of

world returns by industrial sector during month t, then the return on the twin index for
country i during month t is,

R" (t) :l(i (t _1)'1x38 Bw(t)38x1 (4)

As noted in the introduction with the examples of Mexico and Peru in 2011, this turns out
to matter substantially to interpret the source of stock market movements in the countries in
the sample. Global returns of each industry are taken from the U.S. dollar-denominated
Datastream Global Equity Indices which are grouped according to the Industry
Classification Benchmark (ICB) at four digits —i.e. a slightly coarser partition than that
provided by S&P/IFC for the national indices. We matched GICS and ICB codes using the
description of each industry in the respective definitions. There are a total of 118 sectors
that appear at least once in the Latin indices according to the GICS classification at eight
digits, and they belong to 38 ICB sectors at four digits for which we obtain Datastream
Global Equity indices. We used the US consumer price index to compute real returns for
these global sectors.

Besides including each country’s index, Appendix Figures Al.a-Al.g also show the S&P
Global BMI index in real terms, a measure of an unconditional world market index, and the
twin index for each country. The figures make clear why the twin indices provide a better
benchmark than the standard world index. Take the case of Peru (Figure Al.f). From 1993
until 2000, Peru’s index rose from $1 to $2.17 while the world index rose from $1 to $2.54,
so it would seem that Peru underperformed. However, during the same interval, Peru’s
global twin index rose from $1 to $1.84, so Peru actually did much better than the world,
holding industrial structure constant. By contrast, by October 2007, Peru’s twin index had
risen to $7.28 while the world index had risen to only $3.56. Therefore, when judging the
corporate value created during the Peruvian presidencies of the 1990s and the 2000s, it is
critical to take into account how local conditions affect corporate valuations relative to the
world, holding industrial risk constant. Otherwise, we would be underestimating the true
relative performance during the 1990s and overestimating it during the 2000s. The figures
for the other countries suggest a similar pattern: in general the global twin portfolios did
worse than the world market portfolio in the 1990s and much better than it in the 2000s.

The terms of trade (TOT) data are taken from national statistical offices and from Izquierdo
et al. (2008), see the data section of the Appendix for details. For some countries these data
are only available on a quarterly basis so we impute to each month in the quarter, the
corresponding quarterly rate of change,

ATOT!(t) = In(TOT'(t))-In(ToT'( -1)) (5)
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where t denotes time as measured in quarters.™®

The data section of the Appendix lists the presidents in the sample with each one’s election
and inauguration dates and the specific sources used. When there is a two-round system, we
used the month in which the election was defined (this could be the first or the second
round) as the start of the presidency. In one of the robustness checks, the new president’s
dummy begins three months before the date in the benchmark specification. The number of
months in the sample for the presidents’ comparison varies between a minimum of 15
months and a maximum of six years with two exceptions.

The Unit of Measurement Issue

It is worth highlighting that in our benchmark specification the local return is measured in
local consumption units while the return on the twin index is measured in US consumption
units. We choose to do this mainly because we want to avoid declaring that a given
administration generated much shareholder value during a certain period just because it
allowed the value of the local currency to appreciate. However, in principle, it is not clear
which route one has to take. To see this, notice that the return of a given country i measured

in terms of consumption units of country i, which in logs we can call R, differs from the

return in that same country measured in consumption units of the US, R, by the bilateral

real depreciation rate, Arer’“*: this is, R —R!"® = Arer/”* '’ Suppose then a period in

which the rate of return in US consumption units of the twin portfolio of country i equals
the return in country i’s consumption units of the local portfolio, i.e. R" = RtW'. In this

case, our measure of excess return will equal zero. If, instead, we were to measure the
domestic portfolio in US dollars, the excess return will equal the real appreciation, i.e.

1> \When we do have monthly data we just take its value at the end of each quarter and proceed as above.

'8 The exception to the maximum duration is Pinochet whose first presidency ended in February 1981 and
whose second term ended with the election of President Aylwin in December 1989. Given that our data only
start in 1980, we bundle both presidencies under a single Pinochet period from 1980 until November 1989 for
simplicity. Similarly, Cristina Kirchner’s dummy remains on after her reelection in October 2011 and until the
end of that year. The exception to the minimum duration is President Humala of Peru who enters the sample
in May 2011 and for whom we report the return decomposition during his seven months in the sample only
for illustrative purposes. When a president was followed by the next in line of succession without a general
election, the new president’s sample period begins on the month that he or she took office. A few months in
the sample are dropped in the presidents’ comparison. For Argentina, December 2001 is dropped since
President de la Rua resigned on December 20 and there was a sequence of presidents from the line of
succession until the situation stabilized in early 2002 when President Duhalde was appointed by Congress.
For Peru, President Paniagua, who was in office from November 2000 until May 2001, is also dropped. For
Venezuela, Presidents Lepage and Velazquez, who were in office from May until November 1993, are
dropped.

7 Notice that if relative PPP were to hold, measuring returns in local or foreign consumption goods will be
the same. While it is probably not reasonable to assume that PPP will hold in the short run, given that we are
interested in the average return during a presidential mandate of around four years, relative PPP might not be
a bad approximation.
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R —R" =R R = —Arer/“* . Thus, in this case a real appreciation of the domestic
currency would be taken to be a positive national contribution.

Alternatively, imagine a period in which the rate of return in US consumption units of
country i’s twin portfolio equals the rate of return in US consumption units of the local
portfolio, i.e. R™ =R". If we were measuring country i’s return in US consumption

units, there would be no local contribution, but if we were measuring the country i’s returns
in local consumption units (as in our benchmark case) we will be declaring a positive local
contribution when there is a real devaluation. Given these possible measurement
differences, we report the results using local consumption units in the baseline specification
and then include the results using US consumption units in the robustness section. As it
turns out, the results are quite similar with the exception of a few presidencies during which
large real exchange rate depreciations took place.

4. Empirical Model and Results

We present the methodology and the results in four subsections. In the first one, we
describe how we compute the global and regional factors and characterize how they have
evolved over time. In the second one, we compare the performance of the different
countries over the whole sample. In the third subsection we compare presidential periods in
each country. Finally, we present several robustness exercises in the last subsection.

4.1. The global and the regional factors

We first identify the global and regional effects throughout the whole sample. The
dependent variable is the monthly difference between the local and the twin index return,

R'(t)-R"(t). We identify the regional factor by allowing for a yearly time dummy. We

also control for the change in each country’s terms of trade, ATOT'. As noted by Levy-

Yeyati and Cohan (2011), variations in Latin American terms of trade display important
commonalities across countries. Such common movements will be reflected through the

coefficient on the time dummy. Therefore, the coefficient on ATOT' will only pick up the
country specific variation in terms of trade. The empirical model is,

R'(t)-R" (t)= Zoilaf TIME®(t)+ y ATOT'(t)+ &' (t)
7=1980 (6)

t =Jan-1980,...,Dec - 2011, i =1,...,7
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where TIME®(t) is a dummy variable equal to one if month t belongs to year 7 .*® We first

assume that the incidence of ATOT' is the same for all countries, but we relax this
assumption in the robustness section. The model is estimated by OLS with White-robust
standard errors, which yields consistent estimates under the small-open economy
assumption (i.e. that R" (t) and ATOT'(t) are strictly exogenous). This type of model has

been frequently used in the finance literature to identify industry effects in major equity
markets as well as country and regional effects by e.g. Heston and Rouwenhorst (1994),
Baca, Garbe, and Weiss (2000), and Brooks and Del Negro (2004).

Our regression is equivalent to including the twin portfolio on the right hand side with a
coefficient equal to one. This specification is justified by the goal of our paper, which is to
assess how domestic conditions affect corporate value relative to average conditions in the
rest of the world, holding industrial risk constant. That is exactly what the difference

R'(t)— R"(t) reports. This contrasts with the traditional finance literature that attempts to

gauge the ability of the domestic portfolio to diversify the risk embedded in the world
market portfolio. In other words, our approach is like comparing the choice of living (and
producing) in a given country to living in the “twin” country, and in this choice the ability
to diversify risks is irrelevant (either one lives in a country or not). We think that this is the
appropriate choice given the goal of the paper, although it is not characterizing
diversification opportunities.

Following this estimation, the global contribution for country i during month t is,
RE°" (t) = RY (t)+ 7 ATOT'(t) , (7)
the regional contribution is the same for all countries,

IiRegional(t): dr|ter (8)
and the national differential contribution is simply the residual,

F’é National Differential i (t) — é:i (t) . (9)

Table 1 summarizes the results. For completeness we report in straight case the results from
the model that does not control for ATOT' and in italics those that do, but for the sake of

'8 The model without TOTSs uses monthly observations, while we use quarterly observations in the one that
does control for TOTSs.
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space here we discuss only the results that do include them.* The top panel reports mean
returns and the bottom one focuses on the volatility of returns. Over the whole sample
period, Latin American stocks grew at an average 11.4% per annum compared to 7.2% for
the twin portfolio, so they surpassed their benchmark by 4.2% per year.?’ However, this
over performance is concentrated in the latter period: Latin American stocks surpassed their
benchmark by about 1.9% per annum during 1980-2001, while they over performed by
almost 9% during 2002-2011.** So the notable Latin American performance is a relatively
recent phenomenon, and is not due to higher returns of the twin portfolio, which were even
smaller during the latter period.??

[Table 1 about here]

The bottom panel deals with volatility. The left column shows that the standard deviation of
total annual returns has fallen from 49% during 1980-2001 to 33% since 2002, a substantial
reduction. The three columns to the right show the decomposition of total return variance in
the fractions associated with its three components from equation (3). Over the whole
sample period 0.54 of the variance of returns stems from purely national sources. Until
2001, 0.92 of volatility resulted from the regional plus the purely national factors, while
since 2002 these factors amount to only 0.3 of total volatility.?* We attribute the
corresponding rise in comovement with the world to greater commercial and financial
integration since 2000. The key figure in this table however is the huge reduction in the
fraction of volatility associated with the regional shocks which fell from 0.31 to 0.05.

The two panels taken together suggest that the main driver of differential results between
1980-2001 and 2002-2011 was the regional contribution, which increased almost six fold
from the early to the latter part. Moreover, it was also much more stable: it went from about
one-third of the total return volatility to about one-twentieth. The ratio of mean annual

19In the rest of the paper we focus on the model that does control for TOTs. The results from the other model
are similar and are available from the authors on request.

20 All figures are in percentage points per annum.

2! This (arbitrary) cutoff date is chosen to highlight the extraordinary performance of the last decade as noted
in the introduction.

22 Given that we are allowing for yearly effects, the sum of the residuals across countries within a year has to
be zero and that is what the right column shows. The mean residual for the different countries and presidential
terms periods is the subject of the next sections.

2 Given that the regional factor is only available at annual frequencies, in order to compute variances and
covariances, we first add up the monthly components of equation (3) within each calendar year. In order to
express returns on a common scale, we next discard all country-years which lack a full 12-month record of
returns —otherwise, we would be underestimating the variance of the regional component. The statistics
shown in the bottom panel of Table 1 are computed off the resulting dataset. For the computation of the
variance ratios, we assume that the order of causation goes from the global to the regional and from there to
the idiosyncratic shock. Hence, the covariance between these variables involving the global shock is
attributed to it, and the covariance between the regional and the idiosyncratic shock is attributed to the former.
2 The rise in importance of global volatility was true even before the Lehman crisis: 0.37 of the total variance
was associated with that of the twin portfolios from 2001 until 2007, while it was 0.04 during the previous 21
years.
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return over standard deviation of annual return for the regional contribution went from near
0.07 in 1980-2001 to almost 1.2 in the last decade, a huge improvement.”®

It is useful to compare these results with the literature that seeks to gauge the effect of
external factors on the macroeconomic performance of emerging countries, focusing on
variables such as GDP, consumption and inflation, as reviewed above. The general message
of these studies is that external shocks are key sources of fluctuations in emerging
countries, explaining between 25 and 50 percent of the volatility of output. Using a
different approach Gonzélez-Rozada and Levy-Yeyati (2008) study the influence of
external factors on emerging market spreads and find that they account for between 20 and
40% of their total variance. Along similar lines, for the whole sample we find that 49% of
the variance of local returns is explained by global and regional factors. Moreover, we also
document how the role of these factors has evolved over time. In particular, the global
factor has become much more influential while the regional factor has become less so in
explaining domestic volatility. This is exactly what one would expect as economies become
more integrated into the world.

[Figure 2 about here]

Figure 2 plots the evolution over time of the cross country average of the yearly Global
contribution, the Regional contribution, and the sum of both.*® As expected, this very
simple decomposition pinpoints critical times for the region such as the onset of the debt
crisis in 1981-82, the emergence of it through the Brady plan (1991) and the
contemporaneous spike of capital inflows discussed by Calvo et al. (1993), the Mexican
(Tequila) crisis in 1994, the Asian and Russian crisis of 1998, the Lehman Brothers crisis in
2008, and the more recent global events driven by the European sovereign debt crisis,
among others. Although the regional contribution was the most volatile component of the
two in the early period —with extremes of -69% in 1981 and 78% in 1991, it has hovered
in a relatively smooth range —bounded by -6% in 2007 and 22% in 2002— since 2001. As
noted in Table 1, the most volatile contribution of the last decade has been the global
contribution.

It is also instructive to compare the sum of our global and regional factors to the Brookings
Global Wind Index (GWI1)?" constructed by Levy-Yeyati and Cohan (2011). While the
overall evolution of both indices is quite similar, some differences arise. For instance,
according to their measure the world continued to be favorable to Latin America during
2011, while our figures display a marked decrease. This highlights the conceptual
difference between relying on asset prices and on GDP. Since our measure is forward

% This is known in finance as the Sharpe ratio and it is a widely used measure of risk-adjusted performance in
finance.

% These are estimated from the monthly regression that includes TOTSs, but results are very similar without
them. Appendix Table Al reports the estimated coefficients and their standard errors for both specifications.
The global contribution that we estimate in (7) is a monthly series, but for simplicity we base this figure on
the yearly sum thereof.

%" This is a synthetic index characterizing the evolution of external conditions based on information from local
GDP growth, a risk index, commodity prices and global growth. Their sample consists of the same countries
as ours, minus Venezuela plus Uruguay.
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looking, it anticipates the problems that the world might face in the near future (e.g. as the
European sovereign debt crisis and the risks to global growth evolve). The GWI on the
other hand is relatively more backward looking and captures that GDP growth was still
high in most Latin American countries throughout 2011. In spite of these differences, both
indices explain roughly similar fractions of total variance. The GWI explains almost 90%
of Latin American growth variance since the year 2000. As noted in the last line of Table 1,
our global plus regional factor (our analog of the GWI) explains about 75% of observed
return variance over a similar period.

[Figure 3 about here]

The vertical axis in Figure 3 depicts the average global plus regional shock that each

) ] ) T ﬁGlobalj(t) + éRegional(t)
president faced, expressed in annual units of log returns, 122 T ,
t=1
while the horizontal axis shows the midpoint of his or her term in office. Three points are
worth noting in this figure. First, while there are important differences in industrial
composition of the twin portfolios across countries, benchmark conditions for presidents in
office in similar times are actually quite similar. Second, there is a markedly recurring
cyclical pattern of benchmark conditions over time. Third, the gap in benchmark conditions
between good and bad times is substantial: Presidents that faced benign international
environments experienced benchmark returns of up to 34.4% per year, which amount to a
295% stock market appreciation over a hypothetical four-year presidency.”® At the other
end, presidents that faced difficult international environments experienced benchmark falls
in asset prices of about 9% per year which amount to a cumulative reduction of about 30%
in stock prices.”

Furthermore, as noted in the introduction, the countries in the sample have applied very
different policies in the cross section over the last 10 years, but all of them have achieved
much more impressive national results than in the previous 20 years. Figure 3 suggests that
such presidencies as Neéstor Kirchner’s in Argentina, Lula da Silva’s (I) in Brazil and
Alejandro Toledo’s in Peru experienced a period of very favorable benchmark conditions.
In the polar case in which the benchmark return is interpreted as external windfall, the
abundance of the presidencies centered around 2006 might be more related to the bonanza
of this global environment than to the domestic policies themselves.

4.2. Comparing Countries

We next assess which countries in the region faced higher benchmark conditions and which
have had a greater differential performance during sample. Table 2 reports the results.

[Table 2 about here]

%8 That benchmark return corresponded to Nestor Kirchner’s presidency which lasted 54 months so the
cumulative benchmark return was actually 369% as reported in Table 3.a.

29 \We are excluding the two outliers Betancur and Lépez Portillo since our time series only cover a fraction of
their presidencies. Benchmark returns would be much more extreme if we were to include them.
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The left panel reports the average annual total return, and its decomposition in benchmark
and national differential returns by country. The benchmark return is the sum of the global
and regional returns from equations (7) and (8). From equation (3), the total return in the
left panel is the sum of the different components of returns.

Overall, the sum of global plus regional average shocks explains an average stock market
appreciation of between 8.4 and 14% per year depending on the country. Argentina,
Colombia and Brazil were the countries that had the best benchmark returns during the
sample, while Venezuela, Mexico and Chile faced the worst external conditions. Much of
this difference in external conditions is attributable to the time of entry into and exit from
the sample. For example, Chile and Mexico display low values of benchmark conditions in
part because they were the only countries in the sample during 1981, a year in which the
regional shock had a -71% performance. Venezuela entered the sample in 1986 so it
avoided the very bad 1981-82 years, but it exited the sample in 2003 and so it also avoided
the very good years of regional contributions thereafter. Other differences may result from
industrial composition of the national index and from idiosyncratic shocks to terms of
trade.

It is evident then that benchmark conditions were not uniform across countries and this is
important in assessing the overall performance of measured returns. The benefit of our
methodology is precisely that it can purge whatever are the measured total returns of this
world or regional components and focus on each country’s differential contribution. In
other words, the measured global and regional returns only make sense as a benchmark
against which to compare actual country returns. The table suggests that the best national
differential return performers were Peru (4.1% p.a.), Colombia (4% p.a.) and Chile (1.5%
p.a.) and that the worst performers were Argentina (-4.9% p.a.) and Venezuela (-6.8% p.a.).

It is instructive to look at the accumulated returns from each source during each country’s
presence in the sample, which is done in the right panel of Table 2. The first column in the
right panel reports the cumulative wealth from having invested 1 unit of consumption
goods in each country when it entered the sample and holding it until the end.*® Since we
use continuously compounded average annual returns in the left panel, numbers in the

corresponding column of the right panel are e®®7/*? | where T is the number of months that
each country is in the sample. They show the cumulative returns from each source: the
global returns, the regional returns and the national differential returns. Therefore, negative
numbers in the left panel are coupled with a number lower than 1 in the right panel. The
total wealth in the right panel is the product of the different source of returns times the
hypothetically invested $1. The results from this exercise are impressive.

The benchmark portfolio for Colombia during its 27 years in the sample rose from 1 to 41
consumption units, while the Colombian stock index rose from 1 to 120 consumption units,
almost tripling the benchmark returns. Peru’s control portfolio rose from 1 to 8.45
consumption units but the Peruvian index rose from 1 to 18.5 during its 19 years in the

% As discussed in the data section we use local consumer price indices for the Latin American returns and US
CPI for the twin indices. Hence the monetary units of the right panels of tables 2 and 3 are purged of inflation.
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sample; hence it more than doubled the benchmark returns. Chile was in the sample during
32 years, which included the early 1980s debt crisis, so it had lower own and benchmark
performance. Overall, its benchmark world portfolio appreciated from 1 to 24 consumption
units, while its national index rose from 1 to 38, 1.6 times the benchmark. By contrast,
Argentina’s benchmark portfolio appreciated from 1 to 37.2 consumption units, while the
national index rose from 1 to only 10.6 consumption units, hence the national differential
performance cumulated to multiplying the benchmark return by a factor of 0.28. In a
similar pack, during its 19 years in the sample Venezuela’s control portfolio rose from 1 to
4.1 consumption units, but the Venezuelan index national rose from 1 to 1.32 consumption
units, hence multiplying the benchmark return by 0.32.

These accumulated national differential returns are sizable figures. In financial terms, they
mean that the stock markets of those countries have returned much more (less) compared to
a world benchmark that has the same industrial composition, equally affected by each
country’s change in terms of trade and equally exposed to regional factors. If we interpret
the national differential over these long periods as capturing the long term effects of the
quality of domestic policy from the viewpoint of equity investors, our model suggests that
there have been significant differences in policy quality across countries.

4.3. Comparing Presidents

We next use the model to analyze the performance of different presidential administrations.
In this case, for every president, we compute the average of each contribution (j) to total
returns in his or her country (i) from the month in which that president became elected until
the month before the new president became elected, and express it in annual units,

Average(R”):lzi Rj_li(t) : (10)

where j = global, regional and national differential returns.

Since the model has a yearly time effect, the sum of all the country residuals (i.e. the
national differential contributions) in equation (6) has to be zero each year. Hence, the
model essentially runs a contest among the presidents in office in each year, using the
estimated residuals from (6) as a proxy for their (demeaned) contributions, since the mean
contribution goes to the regional factor. It then sums these residuals and computes the
annual average which is reported as the national differential contribution.

As mentioned before, it is important to bear in mind that the chance that our measure of
presidential performance is affected by events unrelated to policy (e.g. natural disasters,
unusual weather, local bubbles, etc.) is larger the smaller the sample size, hence our cap of
a minimum of 15 months in the sample for the presidents’ comparison. A similar sampling
error problem occurs with many other tests —be it in a university course or in a clinical
setting. Our goal is to provide a not systematically biased benchmark against which
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economic outcomes during a presidency can be compared. We next review each country in
turn. Tables 3.a-3.g report the results by country, following the same structure as Table 2.

[Tables 3.a — 3.g about here]

Argentina: Table 3.a shows that Néstor Kirchner faced a global plus regional return of
34.4% E.a., the greatest benchmark bonanza per year among all the presidents in the
sample.** As shown in the right panel of Table 3.a, when cumulated over his 54 months in
office, this gives a total benchmark appreciation from $1 to $4.69. The national differential
return during his mandate was -4.7% p.a. which gave a cumulative national differential
wealth ratio of 0.81. This means than investors in Argentina during his presidency
increased their wealth from $1 to $3.79 (= $1 x 4.69 x 0.81), so in total Argentina yielded
29% less than the benchmark. Contrary to the claims of many analysts, Cristina Kirchner
did not face a period of worldwide prosperity: her benchmark return was a meager 1.5%
p.a. which gave a cumulative wealth ratio of 1.07 during her first 51 months in office; still
larger than Menem’s second term (cumulative benchmark wealth ratio of 1.01). The
president with the largest national differential contribution was Duhalde with 19.1% p.a.
followed by Menem’s second term at about 12% p.a. De la Rua and Alfonsin had very
negative national differential contributions of about -38% and -15% p.a. respectively,
which gave cumulative national differential wealth ratios of 0.63 and 0.44 respectively.®
Menem’s first term, Néstor Kirchner and Cristina Kirchner all displayed negative national
differential returns.®*

Brazil: Table 3.b shows that Collor de Melo and Lula’s first term faced the highest
benchmark conditions, with regional plus global shocks greater than 31% p.a. At the other
extreme, Dilma Rousseff faced a negative benchmark return of -8% during her first 15
months in office while Cardoso’s first term faced the Tequila crisis, the Russian and the
East Asian crises in 1998, for an overall average negative benchmark return of -6.7% p.a.
The president with the largest national differential was Itamar Franco (41% p.a. during the
24 months of his term in the sample) under whose presidency then Minister Cardoso
implemented the Real plan that ended hyperinflation. The other successful presidents

%! Presidents for whom our sample does not cover their full tenure in office are marked with an *. Since a few
months are dropped from the sample in the presidents’ comparison, the vertical multiplication of cumulative
wealth in Tables 3.a-3.g has minor discrepancies with that same variable reported for the full country time
series in Table 2 in the cases of Argentina, Peru and VVenezuela. See data section for details.
2 Here we are excluding Colombia’s Betancur (an outlier) since our sample covers only a fraction of his
presidency. We use this return to construct the hypothetical good-state of the world return during a typical
four-year presidency reported in the abstract and in the introduction: e %* *“-1= 295%. Nestor Kirchner is
actually in the sample for 54 months, but we standardize those extreme benchmark conditions for typical four-
ear long presidencies.

% Argentina’s bankruptcy law was amended at the beginning of Duhalde’s presidency in a way that favored
equity holders at the expense of bondholders. As noted in section 2.1 this is one case in which our measure
can be affected by the presence of distributional effects. Furthermore, Duhalde is one of the few cases in
which the results change significantly if we measure returns in real US dollars. See the robustness section for
details. It is important to keep in mind that our Argentina sample starts in January 1985, so this computation is
missing the first part of Alfonsin’s presidency.

% Some months are not assigned to any president (e.g. Dec-2001 in Argentina, Nov-2000 until May-2001 in
Peru, and from May until Nov-1993 in Venezuela), hence the vertical multiplication of cumulative wealth in
Tables 3.a-3.g has minor discrepancies with that variable reported for the full country time series in Table 2.
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according to this model were Figueiredo (39% p.a.) and Cardoso’s second term (11.2%
p.a.). To put in perspective the latter’s contribution, during his four years in office
Brazilian equities rose from $1 to $1.78, while the benchmark wealth ratio was only 1.14,
hence the national differential wealth ratio was 1.56. On the other end, Sarney had the most
negative national differential (-34% p.a.), followed by Collor (-12.5% p.a.) and Rousseff (-
7.1% p.a.).*® In spite of his reputation as an economically successful president, Lula’s
presidencies produced a national differential return of -1.8% p.a. and 0.8% p.a. However,
his first presidency faced a period of global bonanza with a cumulative benchmark wealth
ratio of 3.83, which allowed for a total cumulative appreciation of $3.57, the greatest
among the Brazilian presidents in the sample.

Chile: Table 3.c shows that Aylwin was by far the one who faced the greatest benchmark
bonanza at 30.1% p.a. followed by Lagos at 14.7% p.a. At the other end Frei and Pifiera
encountered the lowest benchmark returns with 1.5% and -0.5% p.a. The largest national
contributions were Pifiera (6.4% p.a.), Frei (3.7% p.a.), Pinochet (3.3% p.a.), and Bachelet
(2.9% p.a.). Lagos and Aylwin both had negative national differential contributions. The
right panel of the table allows for an interesting comparison between Aylwin and Bachelet
who were in office for the same length of time. During Aylwin’s tenure, total stock market
wealth rose from $1 to $3.27, while during Bachelet’s it rose from $1 to only $1.63.
However, the global and regional contributions to this wealth increase were 3.34 in the first
case and 1.45 in the second. So the pure national differential cumulative wealth ratios
during both presidencies were 0.98 and 1.12 respectively ($3.27 = $1 x 3.34 x 0.98 and
$1.63 = $1 x 1.45 x 1.12), reflecting the negative national differential of the former and the
positive one of the latter.

Colombia: Table 3.d shows that all Colombian presidents faced positive average
benchmark conditions (or almost zero in the case of Pastrana and Samper). Betancur was
the better favored with a 64.1% average annual external shock from January 1985 until
April 1986, which is the sub-period of his presidential binary variable for which we have
stock market data. During this subperiod, the national differential contribution was a very
low -28.6% p.a., but again there is a small sample bias as we are only considering 16
months of data. Those with the best national differential were Uribe’s first term and Barco,
with contributions of 22.7 and 21.8% p.a. respectively. It is informative to look at the
accumulated return of the Colombian and benchmark portfolios in the right panel. During
Barco’s presidency, the benchmark global plus regional wealth rose from 1 to 1.43 but
Colombian stocks rose from $1 to $3.42, hence the accumulated national differential
contribution multiplied these benchmark returns by a wealth ratio of 2.39. During Uribe’s
first presidency, the benchmark wealth ratio was 2.79, while Colombia’s index rose from
$1 to $6.92, so the national differential wealth ratio multiplied the benchmark wealth ratio
by 2.48, an impressive performance. Finally, Pastrana and Samper had negative national
differential contributions, while Uribe’s second term is close to the 45-degree line.

% Cardoso’s first term has a national differential return of -3.4% p.a. In the robustness section, we allow
Cardoso’s first term dummy to begin three months before his election. In this case, his national differential
performance improves dramatically as the early success of the Real Plan is apportioned to him. See the
robustness section for details.
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Mexico: Table 3.e shows that the highest national differential contribution occurred during
De la Madrid’s presidency, with a cumulative national differential wealth ratio of 1.73. On
the other hand, the highest benchmark returns took place during Salinas’s (25.3% p.a.), De
la Madrid’s (19.1% p.a.) and Fox’s (12.6% p.a.) presidencies. The table also allows
assessing the difficult circumstances encountered by the presidents of the early 1980s.
Lépez Portillo, who is in the sample from January 1980 until June 1982, faced a global plus
regional return of -41% p.a.*® Such a disastrous benchmark performance cumulates to a
benchmark wealth ratio of 0.36 during his 30 months in the sample, the lowest among all
presidencies considered in the sample.®” On top of this, the national differential contribution
was also very low during this subperiod of his presidency with a national differential
cumulative wealth ratio of 0.55.

Peru: Table 3.f shows that all the presidents in the sample faced positive external
conditions, except for Fujimori’s second term that had minor negative shock of -2.2% p.a.
much smaller than the positive 9.7% p.a. of his first term.*® Toledo was in office during a
period of extremely favorable global plus regional conditions (32.7% p.a.). The largest
national contributions were during the presidencies of Alan Garcia (8.5% p.a.) and
Fujimori’s first term (6.1% p.a.). During Garcia’s presidency, the cumulative national
differential contribution gave a wealth ratio of 1.53, the highest among all Peruvian
presidents considered. Finally, it is noteworthy that while Toledo was the president during
whose tenure stocks appreciated the most, from $1 to $4.39, all of this was due to the
global and regional shocks since national differential contribution was actually the lowest
among all Peruvian presidents considered.

Venezuela: Last, Table 3.g reports the results for Venezuela, a special case since its
presence in the sample ends in March 2003. Carlos Andrés Pérez faced the highest
benchmark environment, with an average annual global plus regional shock of 22.7% p.a.,
while Rafael Caldera stands at the other end with a negative annual shock of -9% p.a.
Again, these are very sizable differences in the environment that each president faced: they
mean that the benchmark portfolio wealth ratio was 2.72 during Pérez’s tenure, while it was
0.64 during Caldera’s. During Caldera’s tenure, February 1994 until February 1999, he
faced the Tequila crisis in 1994 and the Asian-Russian crises of 1998. Furthermore, the
price of Venezuela’s key export, oil, was about one third of what it has been since he left
power. In fact, Caldera’s benchmark mean annual return was the lowest in our sample after
that of Mexico’s L6pez Portillo.* Caldera was the president that preceded Hugo Chavez.

% Note that only Chile and Mexico are in the sample at this very early stage, as Brazil’s first observation is in
November 1981. Therefore, since the model is estimated with year effects, the negative idiosyncratic shock of
Mexico is the mirror image of Chile’s positive one. The common negative shock from the outburst of the debt
crisis is responsible for the horrible regional shocks that were -4%, -62% and -47% in 1980, 1981 and 1982
respectively (continuously compounded returns).

%7 Given that we are not covering Lopez Portillo’s full presidency, we ignore this number when considering
extreme benchmark portfolio performances in the abstract and introduction of the paper.

% We are ignoring Humala’s horrible benchmark returns of 54.6% p.a. since we are only covering the first
seven months of his presidency.

%9 We use this return to construct the hypothetical bad-state of the world return during a typical four-year
presidency reported in the abstract and in the introduction: e %7 *4.1="-30%.
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As reflected in part by Venezuela’s negative position in Table 2, only Jaime Lusinchi had a
positive national differential contribution, which was a modest 1.4% p.a.

One possible interpretation of the global plus the regional return is that it represents
external luck or tailwind, while the national differential contribution is a proxy for the
results of national policy from the standpoint of equity investors. In this view, it is
noteworthy that, of the total variance of returns across the presidencies considered in this
section, a little over one half corresponds to luck while the rest is accounted for by
government actions;* so the Machiavelli dictum (“Fortune is the arbiter of one-half of our
actions or perhaps a little more”) seems quite appropriate for our sample.

4.4. Robustness

In this subsection we present a number of exercises to establish the robustness of the results
from the baseline specification.”* A first modification is related to the way in which we
define presidential dummies. In the baseline specification, a presidential period starts on the
month in which elections are defined (see section 4.3).** Here, we recomputed the
parameter estimates assuming that the market begins pricing the new policies three months
earlier than in the baseline specification. The goal of this alternative is to control for the
possibility that at the end of the mandate of a president the stock market might move
according to the expectation about what would happen with the next president.

In general, results under this alternative are similar to those from the baseline specification,
although some changes are worth commenting. For Argentina, Cristina Kirchner’s global
contribution improves under this definition (from -6.5 to -1.1% p.a.), while the national
differential decreases by more than 5 percentage points for Alfonsin and for Duhalde, while
improving by more than 6 percentage points for De la Rua.

For Brazil, the global contribution for Dilma Rousseff improves by more than 13
percentage points with this alternative definition, while Lula’s first presidency appears with
a much lower global contribution (from 23.1 to 16.9% p.a.). The national differentials for
Figueiredo, Collor and Franco drop significantly (around 15 percentage points each), while
increasing by more than 14 percentage points for Sarney and almost 10 percentage points
for Cardoso’s first term. The latter fact makes sense since Cardoso was Itamar Franco’s
finance minister and one of the creators of the Real plan which was implemented in July
1994, three months before the election that brought Cardoso to power. When Cardoso’s
national differential returns begin being computed in July 1994, part of Franco’s national
differential contribution passes on to his successor. For Colombia, the global component

*0 The total variance is decomposed as follows: 5.1% = 3.63% + 2.68% - 1.17%, the last term being twice the
covariance between the first (global and regional) and second (national differential) component of total
performance. As discussed in section 2.3, there is an alternative interpretation of the benchmark return as
price increases in foreign countries that do not necessarily permeate to the local economy.

* For the sake of space, we have included the figures and tables for these alternative exercises in a separate
appendix which is available from the authors on request.

%2 For officials who took office upon resignation of the president, such as Duhalde in Argentina 2002 and
Franco in Brazil 1992, the start of their dummies does not change here relative to the baseline case. If their
parameter estimates differ it is because their dummies now end three months earlier than in the baseline.
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improves for Barco (from 9 to 19% p.a.) and drops for Bentacur by more than 12
percentage points. The national differential for Barco decreases by more than 5 percentage
points while it increases for Pastrana by a similar amount.

In Peru, Fujimori’s first term appears with a larger national differential (almost 10
percentage points). For Venezuela, Lusinchi and Chavez present a larger national
contribution, while the opposite happens for Pérez and Caldera. Chile and Mexico do not
present significant changes.

A second exercise consists on measuring the domestic returns in real dollars. As mentioned
before, it is not clear what the appropriate way to proceed is: in the benchmark
specification, we may be spuriously favoring a president that implemented a large real
depreciation, while if we measure returns in U.S. consumption units someone that
implemented a large appreciation will look notably good. The results in terms of the
decomposition of returns and its variance (Table 1), as well as in terms of the time series of
the global and regional components (Figure 2) and the country comparison (Table 2) are
not significantly altered with the new unit of measurement. The only change is that the
large drops in the regional component (due to the crisis of debt in the 1980s, of Mexico in
1994 and of Asian countries and Russia in 1997-98) are even larger if measured in US
consumption units; which is reasonable given that these events were all associated with
important real depreciations across the region. Some important differences arise, however,
in the comparison of presidential performance. For Argentina, Duhalde’s picture changes
radically, both in terms of the regional factor (from 16.9 to -3.7% p.a.) and of the national
differential (from 19.1 to -23.4% p.a.).*

In Brazil, Figueiredo and Cardoso’s second term appear with a worse regional contribution;
while in Lula’s second mandate the regional conditions were more benign. In terms of the
national differential, Sarney and Lula’s first term show a better record if measured in US
consumption units, while the figures are lower for Collor and Cardoso’s second mandate.

For Colombia, the regional component appears to be more favorable under this alternative
for Barco, Pastrana and Uribe’s second mandate, while it appears to be more adverse for
Bentacur. The national differential is lower for both Bentacur and Barco. In Mexico, the
regional factor is worse in this case for De La Madrid but better for Salinas. The national
differential improves for De La Madrid, but it decreases for Lopez Portillo and Calderon. In
Chile, Peru and Venezuela, although some important differences arise, none of the relative
rankings is altered.

A third robustness check allows for country-specific coefficients for TOTs in equation (6),
while in the baseline the coefficient is the same for all countries. The results do not seem to

* This was expected given that during Duhalde’s presidency the convertibility plan was abandoned with a
200% nominal devaluation. Moreover, Duhalde’s period was relatively short (15 months) which tends to
exacerbate the difference. It is noteworthy that during 2002, the -13% drop in the global factor averaged
across countries was coupled with a real depreciation in several countries, so the regional factor for that year
was 19% in real domestic consumption units (model with TOTs) but -10% in the model using U.S.
consumption units.
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vary significantly in terms of the decomposition of returns (Table 1) or the country
comparison (Table 2). The presidential comparison does not change significantly either.

Our last robustness check pertains to the potentially incorrect attribution of one president’s
merits in the baseline exercise. Suppose that a country experiences much higher returns
than its twin portfolio than the other countries in the sample during a given presidency.
Then, part of this excess return will show up in the regional contribution and consequently
diminish the president's own national differential contribution. It could be argued that the
national differential estimate for the “good” president is unfair in this case. This is so
because in the baseline case, all countries have the same estimates of the time effect in
equation (6). So in a final robustness check, we computed a sequence of time effects for a
country excluding its observations from the estimation. So such parameters will pick up the
average regional performance during each year for the other countries in the region. The
national differential will now result from subtracting the twin portfolio return and this new
regional factor of the other countries, from the own total return. In practice however, the
relative ranking of presidential performance does not generally change under this
alternative. The only two variations are, for Brazil, that Lula’s first term is now somehow
below Cardoso’s first mandate and, for Chile, that Pinochet’s national contribution ranks
now higher than Frei’s.

5. Conclusions

We set out to create a fair benchmark against which presidential performance in a small
open economy can be compared. To this end, we decompose stock market returns in seven
Latin American countries into global, regional and national differential components. One
methodological contribution of the paper is to measure a global yardstick return by
introducing a twin portfolio for each country: this is a portfolio that has the same industrial
composition as the national index of the country in question but that is made of global
stocks. In addition to this, we identify a common regional shock for each year which
reflects the joint effect of external conditions not captured by the twin portfolios and the
average effect of policies applied in the region’s countries at each point in time. Resorting
to the small open economy assumption, we interpret the sum of the global and regional
returns as an estimate of the corporate value created in a counterfactual economy that is
equally exposed to global conditions but much less subject to local policies than the
national economy. We argue that, in a large sample, the average national differential return
over this benchmark is a proxy for the long term effects of domestic policy, given the
forward-looking nature of asset markets.

Our methodology allows comparing the performance of different countries and of different
administrations relative to the benchmark. A few stylized facts arise from this
decomposition. a) The main difference between the last decade and the previous 20 years
lies in the common shock to the region, which was 8.8% per annum during 2002-2011
compared 1.9% p.a. during 1980-2001. Moreover, this regional factor accounted for 0.06 of
total return volatility in the recent period compared to 0.36 in the earlier period. b) The
decomposition also sheds light on the benchmark against which country measured returns
should be compared: Colombia’s measure of external conditions had an average return of
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13.7% p.a., while Venezuela’s returned only 8.4% p.a., a sizable difference. After this
adjustment for benchmark conditions, Colombia, Peru and Chile stand out as the countries
that had the greatest national differential contributions, a proxy for the quality of policies
that were implemented. c) Presidents that implemented significant institutional or economic
reforms are typically pinpointed by our decomposition as having performed important
national contributions.

Any decomposition like ours can be criticized for being arbitrary. In future research we
plan to run four validation tests. a) Whether the regional and national differential returns
are themselves correlated with explicit measures of the soundness of economic policy in the
region or in each country over time. b) Whether the global, regional or national differential
stock returns help predict national income trend growth rates in the long run. c) Whether
survey-based presidential approval rates are correlated with the elements of our
decomposition. d) Whether our decomposition helps predict the outcome of presidential
elections.
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Table 1: Decomposition of Returns Over the Sample Period

DECOMPOSITION OF MEAN (LOG) RETURNS (in percentage points per year,

A|| COUI’]tI’ieS RTotaI RGIobaI RRegionaI RNatI' Diff.
0, 0, 0, 0,
1980-2011 11.3% 7.3% 4.0% 0.0%
11.4% 7.2% 4.2% 0.0%
1980-2001 9.3% 8.4% 0.9% 0.0%
9.4% 7.5% 1.9% 0.0%
2002-2011 15.5% 5.2% 10.4% 0.0%
15.6% 6.8% 8.8% 0.0%

DECOMPOSITION OF THE VARIANCE OF ANNUAL (LOG) RETURNS

All i Std. Dev. CONTRIBUTIONS TO VARIANCE
countries Total Global Regional Natl. Diff.
R R R R
1980-2011 45% 0.17 0.27 0.56
45% 0.19 0.27 0.54
1980-2001 50% 0.06 0.30 0.64
49% 0.08 0.31 0.61
2002-2011 33% 0.72 0.05 0.22
33% 0.70 0.05 0.25

This table shows a decomposition of returns following equation (3) after their estimation in
regression (6). The top panel focuses on mean returns, while the bottom panel focuses on
volatility. Over the sample period, mean returns were 11.3% per year, while the twin
portfolio returns were 7.3%, so LA countries returned 4% on average over their twin world.
However, this gap was largely concentrated in the last decade: it was 0.9% per year during
1980-2001 and 10.5% during 2001-2011. The lines in italics correspond to the model that
controls for terms of trade effects, and shows a similar pattern. The variance decomposition
panel shows the standard deviation of annual returns in the first column, and then the
fraction of the variance that was accounted for by each of the three sources (see text for
computation details). Country returns were much more stable during the latter part of the
sample. The largest components of volatility were the regional and idiosyncratic factors
until 2001. However, over the last decade, the main component of volatility was the global
twin portfolio. This remains true even if exclude the Lehman crisis. The regional
component had a substantial drop in volatility since 2002.

30



Table 2: Decomposition of Returns by Country

Return decomposition Number Cumulative wealth during each presidency
Country - Benchmark retumn . moc:ths Total final Cumulative benchmark wealth ratio dCIZfL;m\A;;ttlh

RClobal | pRegional | pBenchmark insample( wealth Global | Regional |Benchmark Iratio
Argentina 9.2% 8.0% 6.0% 14.0% -4.9% 309 $10.56 7.92 4.69 37.16 0.28
Brazil 13.9% 8.8% 4.7% 13.5% 0.4% 360 $65.11 13.85 4.12 56.99 1.14
Chile 11.4% 7.6% 2.4% 9.9% 1.5% 384 $38.33 11.22 2.14 24.02 1.60
Colombia 17.7% 7.5% 6.3% 13.7% 4.0% 324 $119.71 7.54 541 40.81 2.93
Mexico 8.5% 6.3% 2.4% 8.7% -0.2% 384 $15.14 7.57 214 16.19 0.93
Peru 15.4% 8.0% 3.2% 11.2% 4.1% 228 $18.53 4.61 1.83 8.45 2.19
Venezuela 1.6% 3.2% 5.2% 8.4% -6.8% 201 $1.32 1.72 2.39 4.10 0.32

The left panel reports the average annual total return, and its decomposition in benchmark and national differential returns by country.
The benchmark return is the sum of the global and regional returns. The right panel reports the cumulative wealth from having invested
1 unit of consumption goods in each country when it entered the sample and holding it until the end. Since we use continuously
compounded average annual returns (R) in the left panel, numbers in the corresponding column of the right panel are e®®7"*2 'where T
is the number of months that each country is in the sample. Therefore, negative numbers in the left panel are coupled with a number
less than 1 in the right panel. The total return in the left panel is the sum of the different components of returns while the total wealth in
the right panel is the product of the different determinants of total wealth. A wealth ratio is the result of dividing final wealth by initial
wealth for a given investment strategy. Argentina had the largest benchmark return but one of the lowest national differential returns.
The accumulation over the sample period of Argentina’s and Venezuela’s negative national differential returns reduced their
benchmark wealth by multiplying it by a factor of 0.28 and 0.32 respectively. At the other end, Colombia’s, Peru’s and Chile’s positive
national differential returns have accumulated by multiplying their benchmark returns by a factor between 1.6 and 2.93. Hence,
investors in Colombian equities obtained about three times the total cumulative returns that were available to them from the benchmark

portfolio.
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Table 3: Decomposition of Returns by Presidency

Table 3.a: Argentina

Return decomposition

Cumulative wealth during each presidency

President ot Benchmark retumn ot ot | | rl:;r']t?:; Total final | Cumulative benchmark wealth ratio (;::fmmgz;?h

RGlobal RRevional | pBenchmark insample| wealth Global Regional |Benchmark .ratio
Alfonsin* 7.5% 26.7% -3.9% 22.8% -15.2% 37 $1.26 2.28 0.89 2.02 0.63
Menem I 17.0% 2.5% 18.1% 20.6% -3.6% 72 $2.78 1.16 2.96 3.45 0.81
Menem_II 12.1% 9.9% -9.6% 0.3% 11.8% 53 $1.71 1.55 0.65 1.01 1.69
De_la_Rua -40.7% -8.6% 6.1% -2.5% -38.2% 26 $0.41 0.83 1.14 0.95 0.44
Duhalde 24.6% -11.4% 16.9% 5.5% 19.1% 15 $1.36 0.87 1.23 1.07 1.27
Kirchner_Néstor 29.6% 27.5% 6.9% 34.4% -4.7% 54 $3.79 3.45 1.36 4.69 0.81
Kirchner_Cristina*| -12.5% -6.5% 8.1% 1.5% -14.0% 51 $0.59 0.76 141 1.07 0.55

Table 3.b: Brazil
Return decomposition No. of Cumulative wealth during each presidency
President ot Benchmark return ot | | months | Total final | Cumulative benchmark wealth ratio (ifl;m\;;tt'h

RGlobal RRegional | pBenchmark insample| wealth Global Regional |Benchmark .ratio
Figueiredo* 40.3% 10.2% -9.1% 1.0% 39.2% 36 $3.35 1.36 0.76 1.03 3.24
Samey -7.5% 25.8% 1.1% 26.8% -34.4% 59 $0.69 3.55 1.05 3.74 0.18
Collor 18.2% -6.2% 36.9% 30.7% -12.5% 34 $1.67 0.84 2.85 2.39 0.70
Franco 58.1% 13.2% 3.8% 17.0% 41.0% 24 $3.19 1.30 1.08 141 2.27
Cardoso_|I -10.1% 4.3% -11.0% -6.7% -3.4% 48 $0.67 1.19 0.64 0.77 0.87
Cardoso_lII 14.4% -2.5% 5.8% 3.3% 11.2% 48 $1.78 0.90 1.26 1.14 1.56
Lula_I 31.8% 23.1% 10.5% 33.6% -1.8% 48 $3.57 2.52 1.52 3.83 0.93
Lula_Il 10.2% 2.7% 6.7% 9.4% 0.8% 48 $1.50 1.12 131 1.46 1.03
Rousseff* -15.1% -10.9% 2.9% -8.0% -7.1% 15 $0.83 0.87 1.04 0.90 0.92
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Table 3.c: Chile

Return decomposition No. of Cumulative wealth during each presidency
President o Benchmark retumn ottt i, | | months | Total final | CUmulative benchmark wealth ratio gfl;mv\;;?h

RClobal | pRegional | pBenchmark insample|  wealth Global | Regional |Benchmark Iratio
Pinochet* 9.7% 15.3% -8.8% 6.4% 3.3% 119 $2.62 4.55 0.42 1.89 1.38
Aylwin 29.6% 2.2% 27.9% 30.1% -0.5% 48 $3.27 1.09 3.05 3.34 0.98
Frei 5.2% 9.0% -7.5% 1.5% 3.7% 73 $1.37 1.73 0.63 1.10 1.25
Lagos 9.6% 4.0% 10.7% 14.7% -5.1% 72 $1.78 1.27 1.91 2.42 0.74
Bachelet 12.1% 3.6% 5.6% 9.3% 2.9% 48 $1.63 1.16 1.25 1.45 1.12
Pifiera* 6.0% -6.0% 5.5% -0.5% 6.4% 24 $1.13 0.89 112 0.99 1.14

Table 3.d: Colombia
Return decomposition No. of Cumulative wealth during each presidency
President o Benchmark return ottt i, | | months | Total final | CUmulative benchmark wealth ratio d(I:fl;mv\;;tt'h

RClobal | pRegional | pBenchmark insample|  wealth Global | Regional |Benchmark .ratio
Bentacur* 35.5% 52.2% 11.9% 64.1% -28.6% 16 $1.61 2.01 117 2.35 0.68
Barco 30.7% 9.0% -0.1% 8.9% 21.8% 48 $3.42 1.43 0.99 1.43 2.39
Gaviria 46.8% 6.2% 25.0% 31.2% 15.6% 49 $6.76 1.29 2.78 3.57 1.89
Samper -15.4% 6.5% -6.5% -0.1% -15.3% 48 $0.54 1.30 0.77 1.00 0.54
Pastrana -10.6% 0.7% -0.6% 0.1% -10.7% 47 $0.66 1.03 0.98 1.00 0.66
Uribe_I 48.3% 13.7% 12.0% 25.6% 22.7% 48 $6.92 1.73 1.61 2.79 2.48
Uribe_lII 3.2% -4.1% 6.2% 2.0% 1.2% 49 $1.14 0.84 1.29 1.09 1.05
Santos* 8.7% 2.8% 4.4% 7.2% 1.4% 19 $1.15 1.05 1.07 1.12 1.02
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Table 3.e: Mexico

Return decomposition No. of Cumulative wealth during each presidency

President . Benchmark retumn , moﬁths Total final | Cumulative benchmark wealth ratio (_:um. natl.

R otal . RNatI. Diff. in samole diff. wealth
RGlobal RReglonaI RBenchmark p wealth Global Regional |Benchmark ratio
Lopez_Portillo* -64.9% -5.4% -35.5% -40.9% -24.0% 30 $0.20 0.87 0.41 0.36 0.55
De_la_Madrid 28.2% 19.4% -0.4% 19.1% 9.1% 72 $5.42 3.21 0.98 3.14 1.73
Salinas 26.3% 6.2% 19.0% 25.3% 1.0% 73 $4.94 1.46 3.18 4.65 1.06
Zedillo -2.3% 7.2% -8.2% -1.0% -1.3% 71 $0.87 1.53 0.61 0.94 0.93
Fox 13.5% 1.2% 11.5% 12.6% 0.9% 72 $2.25 1.07 1.99 2.13 1.05
Calderon* 6.9% 2.1% 57% 7.8% -1.0% 66 $1.46 1.12 1.37 1.54 0.95

Table 3.f: Peru
Return decomposition No. of Cumulative wealth during each presidency

President . Benchmark retum , moﬁths Total final | Cumulative benchmark wealth ratio (?um. natl.

R otal . RNatI. Diff. in sample diff. wealth
RGlobal RReglonaI RBenchmark p wealth Global Regional Benchmark ratio
Fujimori_I* 15.8% 7.9% 1.8% 9.7% 6.1% 27 $1.43 1.20 1.04 1.24 1.15
Fujimori_II 1.7% 5.9% -8.1% -2.2% 3.8% 67 $1.10 1.39 0.64 0.89 1.24
Toledo 29.6% 19.9% 12.8% 32.7% -3.1% 60 $4.39 2.71 1.89 5.12 0.86
Alan_Garcia 21.4% 6.7% 6.2% 12.9% 8.5% 60 $2.92 1.40 1.36 1.90 1.53
Humala* -18.1% -55.9% 1.2% -54.6% 36.5% 7 $0.90 0.72 1.01 0.73 1.24
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Table 3.9: Venezuela

Return decomposition No. of Cumulative wealth during each presidency
President o Benchmark return vt it | | months | Total final | Cumulative benchmark wealth ratio (;?fl;mwen:Ittlh
RClopal | gRegional | pBenchmark insample| - wealth Global | Regional |Benchmark ;'atio
Lusinchi* 22.6% 26.4% -5.1% 21.2% 1.4% 32 $1.83 2.02 0.87 1.76 1.04
Pérez 11.4% -2.4% 25.1% 22.7% -11.2% 53 $1.66 0.90 3.03 2.72 0.61
Caldera -18.5% 1.5% -10.4% -9.0% -9.6% 60 $0.40 1.08 0.59 0.64 0.62
Chavez* 3.2% -2.9% 9.0% 6.1% -2.9% 49 $1.14 0.89 1.44 1.28 0.89

See notes to Table 2 for details on table construction. An * indicates those presidencies that span a period of time not fully covered by
our data. Among fully covered presidencies, the one with the largest benchmark return per year was Néstor Kirchner’s (Argentina) and
the one with the lowest benchmark return per year was Rafael Caldera’s (Venezuela). The accumulated benchmark wealth was $4.69
and $0.64 in each case respectively. Presidents Franco and Figueiredo (Brazil), Barco, Uribe_| and Gaviria (Colombia), and Duhalde
(Argentina) have the largest national differential contributions in the sample. Uribe’s first presidency is the one with largest cumulative
national differential returns. This means that investors in Colombian equities during his presidency obtained 2.48 times the benchmark
cumulative return for a total wealth increase from 1 to 6.92 real Colombian pesos.
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Figure 1: Industrial Composition of the World and Latin American National Indices
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Each bar shows the fraction of the index’s capitalization that is accounted for by stocks from each
of the 10 industry groups that make up the first level of the Global Industry Classification Standard.
The numbers at the top of each bar report the Herfindahl index for that country-year’s index. The
figures clearly show that the Latin American indices are much less diversified, and each one’s
structure more volatile over time, than their world counterpart. For example, the
telecommunications sector went from being 2% of the Brazilian market in 1990, to 23% in 2000,
and back to 3% in 2010, while in Mexico this sector went from 15, to 27 and to 34%. By contrast,
this sector has oscillated between 2 and 5% in the world. The average Herfindahl index is 0.26 in
Latin America while it is 0.13 in the world.
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Figure 2: Annual Returns Due to Global and Regional Contributions
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This figure shows the annual returns arising from the average contribution across the
countries in the sample of the global twin portfolios (thin solid red line) and from the
regional contribution (thin dotted blue line). The thick line reports the sum of both which is
the benchmark return. These estimates result from the model with terms of trade, but those
without them are nearly identical. Prior to 2000, the most volatile component was the
regional shock (e.g. as in the start of the debt crisis of 1981, the start of the Brady plans in
1991 and the echoes of the Asian and Russian crises in 1998). However, it is apparent that
the most volatile component after 2000 is the global contribution (e.g. as the stock market
falls of 2000-2002, 2008 and 2011). The figure shows that our simple decomposition
vividly captures major economic events.
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Figure 3: Average Annual Benchmark Returns by Presidency
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This figure shows the sum of the average annual global and regional returns during each
presidential term considered. The value of each point along the horizontal axis is the
midpoint of the presidential term in our sample. It is noteworthy that these benchmark
conditions affecting the different countries follow a relatively cyclical pattern.
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Appendix
Data

Given that some countries suffered prolonged periods of high (or even occasional episodes
of hyper) inflation during the sample period, we started with the S&P/IFC index returns
expressed in US dollars which we found to be more reliable than those expressed directly in
local currency. We then converted these into US dollar index values, and then to domestic
currency index values in nominal terms. To this end we used the free market exchange rates
that resulted from cross checking among four sources: the S&P/IFC Emerging Markets
Data Base itself, the series in the World Currency Yearbook, Economatica and International
Financial Statistics of the IMF. Through this process we corrected a few errors in the
original local currency returns series of the S&P/IFC indices (e.g. as the Brazilian return in
July 1994 when a new currency was introduced).

In computing real monthly returns in domestic consumption units, we want to express the
price at the end of one month in the same real units as the price at the end of the previous
month. To this end, we divide the price at the end of the month by one plus the average
consumer price index variation during the following three months. This —admittedly crude—
measure of expected inflation built into the price during the month allows avoiding
important jumps in asset prices in high-inflation or hyperinflation contexts in which the
consumer price index takes a few months to show the rise of some prices that are more
sticky (e.g. public utility prices or the price of gasoline). After this adjustment, we compute

the monthly log return, R'(t).

Sources:

Global Return of each industry:U.S. dollar-denominated total and global monthly Return
Index (RI) for Datastream Global Equity Indices from Jan-1980 to Dec-2011. The stocks
are classified by industry and sector types — for example financials is an industry within
which a number of sectors such as banks, life assurance and real estate are included. The
classification structure is based on the Industry Classification Benchmark (ICB).
Datastream Global Equity Indices break down into six levels. We used returns at level 4.

Equity Returns: U.S. dollar-denominated monthly S&P/IFCG Index Return for S&P
Emerging Market Indices from January 1980 to October 2008 and from November 2008 to
December 2011, we use S&P/IFCI Index Return for S&P Emerging Market Indices.

CPI: Argentina: Instituto Nacional de Estadisticas y Censos (INDEC) up to September
2006 and Buenos Aires Cityfrom October 2006 onwards. Brasil: Fundacao Instituto de
Pesquisas Economicas (FIPE). Chile: Instituto Nacional de Estadisticas (INE).
Colombia:Banco de la Republica. México: Banco de México. Peru: Instituto Nacional de
Estadistica e Informéatica (INEI). Venezuela: Banco Central de Venezuela. U.S.A:
Economic Research, Federal Reserve Bank of St. Louis.
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Exchange Rate: S&P/IFC Emerging Markets Data Base. We corrected an error in the
original series of Brazil which did not account for the new currency introduced in 1994. We
checked the S&P/IFC exchange rates with those from three other sources: World Currency
Yearbook, Economatica,and International Financial Statistics of the IMF.* Discrepancies
between these sources were minimal.

Terms of Trade: Argentina: quarterly data from Instituto Nacional de Estadisticas y
Censos (INDEC). Brazil: Instituto de Pesquisa Economica Aplicada (IPEA) monthly data.
Chile: http://www.bcentral.cl/eng/studies/working-papers/pdf/dtbc98.pdf monthly data up
to 1995 and from 1996 quarterly data from Banco Central de Chile.Colombia: monthly data
from Banco de la Republica de Colombia; Mexico: monthly data from Banco de Mexico.
Peru: monthly data from Banco Central de Reserva del Per(.Venezuela: quarterly data
taken from lzquierdo et al. (2008).

Presidential term dates

Argentina enters the sample on Jan-01-1985. The president names, accession dates,
election dates, and duration of the presidency in our baseline exercise expressed in months
were respectively: Raul Alfonsin: Dec-10-1983, Oct-30-1983, 52; Carlos Menem I: Jul-08-
1989, May-14-1989, 72; Carlos Menem II: Jul-08-1995, May-14-1995, 53; Fernando de la
Rua: Dec-10-1999, Oct-24-1999, 26; Eduardo Duhalde: Jan-01-2002, Jan-01-2002, 15;
Néstor Kirchner: May-25-2003, Apr-27-2003, 54; Cristina Kirchner I: Dec-10-2007, Oct-
28-2007, 51; Cristina Kirchner Il: Dec-10-2011, Oct-23-2011, bundled with first
presidency.

Election dates prior to 2008 are taken from Historia Electoral Argentina (1912-2007),
Ministerio del Interior, Republica Argentina (2008) and
http://www.lanacion.com.ar/1397164-denuncian-presiones-a-personal-de-la-anses-por-la-
campana (downloaded Feb-03-2012) thereafter. All dates were checked with
www.historiaelectoral.com and we found only a four day discrepancy in Menem’s first
election in which case we used the official source.

Brazil enters the sample on Nov-01-1981. The president names, accession dates, election
dates, and duration of the presidency in our baseline exercise expressed in months were
respectively: Jodo Baptista Figueiredo: Mar-15-1979, n.a., 38; José Sarney: Mar-15-1985,
Jan-15-1985, 59; Fernando Collor de Mello: Mar-15-1990, Dec-17-1989, 34; Itamar
Franco: Dec-29-1992, Oct-02-1992, 24; Fernando Henrique Cardoso I: Jan-01-1995, Oct-
02-1994, 48; Fernando Henrique Cardoso Il: Jan-01-1999, Oct-04-1998, 48; Lula da Silva
I: Jan-01-2003, Oct-27-2002, 48; Lula da Silva II: Jan-01-2007, Oct-29-2006, 48; Dilma
Rousseff: Jan-01-2011, Oct-31-2010, 15.

All election dates are taken from http://www.tse.jus.br/eleicoes/cronologia-das-eleicoes. All
dates were checked with www.historiaelectoral.comand we found only a one day
discrepancy in Cardoso’s first election in which case we used the official source.

! Economatica (http://www.economatica.com) is a leading provider of Latin American stock market data.
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Chile enters the sample on Jan-01-1980. The president names, accession dates, election
dates, and duration of the presidency in our baseline exercise expressed in months were
respectively: Augusto Pinochet: Mar-11-1981, n.a., 119; Patricio Aylwin: Mar-11-1990,
Dec-14-1989, 48; Eduardo Frei: Mar-11-1994, Dec-11-1993, 73; Ricardo Lagos: Mar-11-
2000, Jan-16-2000, 72; Michelle Bachelet: Mar-11-2006, Jan-15-2006, 48; Sebastian
Pifiera: Mar-11-2010, Jan-17-2010, 24.

All election dates are taken from www.historiaelectoral.com. All dates where checked with
local newspapers:
http://www.lanacion.cl/noticias/site/artic/20100310/pags/20100310173624.html  (Aylwin);
http://diario.elmercurio.com/detalle/index.asp?id={60badcde-c727-435c-bf6f-

93f24c3487f7} (Frei); http://diario.elmercurio.com/detalle/index.asp?id={1b133150-65d7-

4f06-a54d-a266567d2f61} (Lagos);
http://www.emol.com/noticias/nacional/2006/01/10/207408/emol-lanza-completo-especial-
con-la-cobertura-de-elecciones-presidenciales.html (Bachelet);

http://www.emol.com/noticias/nacional/2009/06/02/361012/definitivo-las-elecciones-
presidenciales-se-realizaran-el-13-de-diciembre.html (Pifiera), finding no discrepancies.

Colombia enters the sample on Jan-1-1985. The president names, accession dates, election
dates, and duration of the presidency in our baseline exercise expressed in months were
respectively: Belisario Betancur: Aug-07-1982, May-30-1982, 16; Virgilio Barco: Aug-07-
1986, May-26-1986, 48; César Gaviria: Aug-07-1990, May-27-1990, 49; Ernesto Samper:
Aug-07-1994, Jun-19-1994, 48; Andrés Pastrana: Aug-07-1998, Jun-21-1998, 47; Alvaro
Uribe I: Aug-07-2002, May-26-2002, 48; Alvaro Uribe 11: Aug-07-2006, May-28-2006, 49;
Juan Manuel Santos: Aug-07-2010, Jun-20-2010, 19.

Election dates are taken from www.historiaelectoral.com. All dates where checked with
local newspapers:http://www.eltiempo.com/archivo/documento/MAM-4334067 (Barco);

http://www.eltiempo.com/archivo/documento/MAM-824095 (Gaviria);
http://www.eltiempo.com/archivo/documento/MAM-671452 (Samper);
http://www.eltiempo.com/archivo/documento/MAM-1264518 (Pastrana);
http://www.eltiempo.com/archivo/documento/MAM-690774 (Uribe 1);
http://www.eltiempo.com/archivo/documento/MAM-1675670 (Uribe I);

http://www.eltiempo.com/archivo/documento/MAM-3990402 (Santos), finding a one day
discrepancy in Barco's election date, in which case we used www.historiaelectoral.com.

Mexico enters the sample on Jan-01-1980. The president names, accession dates, election
dates, and duration of the presidency in our baseline exercise expressed in months were
respectively: José Lopez Portillo: Dec-01-1976, Jul-04-1976, 30; Miguel de la Madrid:
Dec-01-1982, Jul-04-1982, 72; Carlos Salinas de Gortari: Dec-01-1988, Jul-06-1988, 73;
Ernesto Zedillo: Dec-01-1994, Aug-21-1994, 71; Vicente Fox: Dec-01-2000, Jul-02-2000,
72; Felipe Calderon: Dec-01-2006, Jul-02-2006, 66.

Election dates are taken from www.historiaelectoral.com. All dates where checked with
local newspapers: http://www.oem.com.mx/esto/notas/n1230021.htm (de la Madrid);
http://www.eluniversal.com.mx/editoriales/36993.html (Salinas);
http://www?2.eluniversal.com.mx/pls/impreso/noticia.html?id_nota=11478&tabla=nacion(Z
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edillo); http://www.eluniversal.com.mx/editoriales/53642.html (Fox);
http://www.eluniversal.com.mx/columnas/58964.html (Calderdn), finding no discrepancies.

Peru enters the sample on Jan-01-1993. The president names, accession dates, election
dates, and duration of the presidency in our baseline exercise expressed in months were
respectively: Alberto Fujimori I: Jul-28-1990, Jun-10-1990, 27; Alberto Fujimori Il: Jul-28-
1995, Apr-09-1995, 67; Alejandro Toledo: Jul-28-2001, Jun-03-2001, 60; Alan Garcia: Jul-
28-2006, Jun-04-2006, 60.

Election dates are taken from www.historiaelectoral.com. All dates where checked with
local newspapers:
http://www.peru.com/otros_especiales/fiestas patrias_2002/elecciones peru/1990.asp
(Fujimori );
http://www.peru.com/otros_especiales/fiestas patrias 2002/elecciones peru/1995.asp
(Fujimori In; http://www.larepublica.pe/22-05-2001/queda-expedito-camino-para-
elecciones-del-3-de-junio-onpe-remite-al-jne-resultados-al-100 (Toledo);
http://www.larepublica.pe/node/70454/comentario/comentario  (Garcia), finding  no
discrepancies.

Venezuela enters the sample on Jan-01-1985. The president names, accession dates,
election dates, and duration of the presidency in our baseline exercise expressed in months
were respectively: Carlos Pérez Rodriguez: Feb-02-1989, Dec-04-1988, 53; Rafael Caldera
Rodriguez: Feb-02-1994, Dec-05-1993, 60; Hugo Chavez: Feb-02-1999, Dec-06-1998, 51.

Election dates are taken from www.historiaelectoral.com. All dates where checked with
local newspapers: http://www.eluniversal.com/nacional-y-politica/111005/hechos-
relevantes-de-la-vida-del-expresidente-carlos-andres-perez-imp (Pérez Rodriguez);
http://www.eluniversal.com/2008/11/14/imp_ccs_art_asi-son-las-cosas_1146784.shtml
(Caldera Rodriguez); http://www.eluniversal.com/2008/11/19/ereq_esp_procesos-
electorales 19A2136701.shtml (Chavez), finding no discrepancies.

Information from the cited websites was accessed on Feb-06-2012.
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Figure Al: Total Stock Market Appreciation over the Sample

Figure Al.a: Argentina
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Figure Al.b: Brazil
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Figure Al.c: Chile
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Figure Al.d: Colombia
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Figure Al.e: Mexico
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Figure Al.f: Peru
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Figure Al.g: Venezuela
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Each of these figures reports the evolution of wealth from investing 1 unit of consumption
goods in three indices: the national S&P/IFC index of the country, a global twin portfolio
that each month has the same industrial structure as the national index, and an
unconditional world market index (the S&P Global BMI). The global indices are adjusted
by the inflation of the United States. As expected, the global twin indices more closely
track the evolution of the national indices than the world index. The gaps in returns of both
global benchmarks are substantial, with the period 1994-2002 showing a lower peformance
of the twin index than that of the world market, but the years thereafter showing a much
better performance of the twin indices than that of the fixed world portfolio. This means
that global benchmark conditions were more favorable for the type of stocks listed in Latin
America during the 2002-2011 period than during the 1994-2002 period. All series start
with a value of $1 upon each country’s inception into the sample. See text for further
details.
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Table Al: Parameter Estimates for Equation (6)

Variable No TOTs With TOTs Variable No TOTs With TOTs
1980 -0.0038 -0.0088 1997 0.0097 0.0329
(0.0197) (0.0719) (0.0072) (0.0208)
1981 -0.0561*** -0.1548*** 1998 -0.0474*** -0.1340***
(0.0161) (0.0196) (0.0136) (0.0218)
1982 -0.0406* -0.1173* 1999 0.0126 0.0270
(0.0223) (0.0681) (0.0089) (0.0261)
1983 0.0141 0.0426 2000 -0.0028 -0.0104
(0.0212) (0.0745) (0.0074) (0.0181)
1984 0.0018 0.0062 2001 0.0106 0.0399*
(0.0223) (0.0780) (0.0087) (0.0238)
1985 0.0033 0.0240 2002 0.0183** 0.0466*
(0.0215) (0.0428) (0.0091) (0.0251)
1986 0.0058 0.0472 2003 0.0100** 0.0243
(0.0157) (0.0511) (0.0048) (0.0156)
1987 -0.0213 -0.0640 2004 0.0074 0.0211
(0.0193) (0.0773) (0.0060) (0.0184)
1988 -0.0002 -0.0062 2005 0.0151** 0.0397**
(0.0159) (0.0481) (0.0062) (0.0201)
1989 0.0029 0.0130 2006 0.0057 0.0109
(0.0243) (0.0616) (0.0058) (0.0200)
1990 0.0251 0.0730 2007 -0.0048 -0.0168
(0.0285) (0.0626) (0.0054) (0.0171)
1991 0.0643*** 0.1982*** 2008 0.0126 0.0476**
(0.0184) (0.0583) (0.0088) (0.0221)
1992 -0.0042 -0.0143 2009 0.0090 0.0148
(0.0142) (0.0432) (0.0077) (0.0200)
1993 0.0062 0.0226 2010 0.0102* 0.0245
(0.0099) (0.0324) (0.0058) (0.0185)
1994 0.0021 0.0001 2011 0.0014 0.0030
(0.0113) (0.0319) (0.0061) (0.0216)
1995 -0.0177* -0.0514* Change in TOT 0.2630*
(0.0094) (0.0292) (0.1353)
1996 0.0041 0.0088 Observations 2,224 730
(0.0066) (0.0173) R-squared 0.0310 0.1112

This table reports the results of estimating equation (6). As discussed in the text, the left hand side is
expressed in units of log monthly returns in the model without terms of trade (TOTs) and in
quarterly returns in the model with TOTs. So for example, from equation (8) the time effect (i.e.
RRegonaly for 1981 is 12*(-0.0561) = -67.32% in the model without TOTs, while it is 4%(-0.1548) = -
61.92% in the model with TOTs. The actual plain returns are e®"%* -1 = -48.99% and e®%%*- 1 = -
46.16%. Robust standard errors are reported in parentheses below each coefficient estimate.
Significance indicators are standard: *** p<0.01, ** p<0.05, * p<0.1.
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